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Feature extraction based on causal relationship for steam prediction
in garbage incinerators
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Image size 64 X 48 pixels
Number of data points 48,732

Number of features 4

E Layer structures 4 (encoder/decoder)
Learning iteration 200

Batch size 5
Number of data points 1,900

Number of features 12

z

6 Layer structures 4
Learning iteration 100

Batch size 40

s Sampling interval 60 s

é VAR order 2

4 Lag 10
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